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I. Objective

e Task: Bilingual Speech Synthesis for a Monolingual Speaker

—To sythesize dual-language utterances, primarily a native lan-
guage (Indian) intersperced with words from a non-native lan-
guage (English)

* Training data
— Single speaker data only in Indian language (a few hundred

utterances)
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— Audio data (16kHz, 16 bits) along with text in Indian script (UTF-8)

* Test data

»  Example: “Under 19 cricket world cup ¥ SAHaR &1 TR o iR o
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II. Dual Language Acoustic Modeling - Overview
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II1. Label Generation

Method-1: Eng-to-Ind transcription
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IV. Acoustic Models training

o GlottHMM based TTS models

e Speaker dependent models for Indian language

e Cross-lingual adaptation of an Indian accented English voice
using Indian language data
- Two pass decision tree generation
—Decode Indian language data using triphone models
—CMLLR adaptation of the English model set

—Merge Indian speaker-dependent and adapted English acous-
tic model sets

V. Two-pass decision tree generation
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VI. Demo Page

http://research.ics.aalto.fi/speech/demos/COIN_blizzard14/
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Mixed-language synthesis for Indian languages with
dual acoustic models and probabilistic cross-lingual
speaker adaptation

R. Karhila!, D. Gowda!, M. Gibson?, 0. Watts? A. Suni? M. Kurimo!

! Aalto University, 2 Nuance Communications inc. ? University of Edinburgh, * University of Helsinki

The basic task of the annual Blizzard Here we show the spoke task systems we
challenge is to take the released speech data, submitted for Hindi, Rajasthani and Telugu.
build synthetic voices, and synthesize a The synthesis is based on statistical modelling

prescribed set of test sentences. The 2014 of vocoder parameters in a Hidden Markov

challenge was to build synthetic voices based Model (HMM) framework. HMM-based

on six Indian languages. An additional "spoke" parametric speech synthesis still suffers from

task was to synthesise bilingual sentences, some voice gquality issues, but generally

with English words or phrases embedded into produces very smooth prosody and allows

the Indian language utterance. easy manipulation of speaking style and
speaker characteristics.
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